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Hyoung-Kyu Song, Sang Hoon Woo, Junhyeok Lee, Seungmin Yang, Hyunjae Cho, Youseong Lee, Dongho Choi, Kang-wook Kim,"Talking Face Generation with Multilingual TTS”, CVPR Demo 2022
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Interspeech 2022

Interspeech 2022

NU-Wave 2 : A General Neural Audio
Upsampling Model for Various Sampling Rates

a4& Seungu Han® and Junhyeok Lee

Conventionally, audio super-resolution models fixed the mtial and the target sampling rates, which necessitate the model to be
trained for each pair of sampling rates. We introduce NU-Wave 2, a diffusion model for neural sudio upsampling that enables the
generation of 48 kHz audio signals from inputs of various sampling rates with & single mode|

- mm Wil

NU-Wave 2 [Qurs)

Interspeech 2022
SANE-TTS : Stable And Natural
End-to-End Multilingual Text-to-Speech

a4& Hyunjae Cho’, Wonbin Jung, Junhyeok Lee, and Sang Hoon Woo

In this paper, we present SANE-TTS, a stable and natural end-to-end multilingual TTS maodel. By the difficulty of obtaining
multifingual corpus for given speaker, training mubtilingual TTS madal with monolingual corpora is unavoidable.

We introduce speaker regularization loss that improves speech naturakness during cross-linguesl synthesis &s well as domain
adversarial training, which is applied in other muttilingual TTS models. Furthermore, by adding speaker regulasization loss, replacing
speaker embedding with zero vector i duration predictor stabilizes cross-lingual inference.
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Interspeech 2020, 2021

Interspaech 2020
Cotatron : Transcription-Guided Speech
Encoder for Any-to-Many Voice Conversion without Parallel Data

22 Seung-won Park’, Doo-young Kim, and Myun-chul Joe

We proposa Colatron, a transcription-guided spesch encoder Tor speaker-independent linguistic representation, Cotatron i based
on the muliispeaker TTS architecture and can be trained with conventional TTS datasets. We frain a voice conversion system fo
reconstruct speech with Cotatron features, which is similar to the previous methots based on Phonetic Posteriorgram (PPG). Our
system can also conver? speech from speakers that are unseen during tramng, and uiilize ASR 1o automate the transcription with
minimal reduction of the perfarmance
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Interspeech 2021

NU-Wave : A Diffusion
Probabilistic Model for Neural Audio Upsampling

a8 Junhyeok Lee’ and Seungu Han

In this wark, we introduce NU-Wave, the first neural audio upsampling madal 10 produce waveforms of sampling rate 48kHz fram
coarse 16kHz or 24kHz mputs, while prior works could generate only up io 16kHz
NU-Wawve is the first diffusion probabilistic moded for audio super-resolution which is engineered based on neural vocoders.
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Controllable and Interpretable
Singing Voice Decomposition via Assem-VC

a2 Kang-wook Kim™ and Junhyeok Lee

We propose a singing decomposition syslem thal encodes time-aligned linguistic content, pich, and source speaker identity via
Assem-YC. With decomposed speaker-independent information and the target speaker's embedding, we could synthesize the
singing voice of the tanget speaker. In conclusicn, we made a perfectly synced duet with the user's singing voice and the target
singer's converied singing voice
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Assem-VC : Realistic Voice Conversion
by Assembling Modern Speech Synthesis Techniques

428 Kang-wook Kim’, Seung-won Park, Junhyeok Lee, and Myun-chul Joe

Recent works on woete Converson ['uf[l:l focus on preserving the rhythm and the intonation as well as the linguistic contenl Ta
preserve these features from the source, we decompaose curment non-paraliel VC systems into two encoders and one decoder. We
analyze each module with several experiments and reassemble the best components to propose Assem-VC, a new state-of-the-art
any-lo-many non-parallel VT system
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Styleformer : Transformer based
Generative Adversarial Networks with Style Vector

ase Jeeseung Park” and Younggeun Kim™

We propase Stylefarmer, which is a style-based genarator for GAN architeciure, but a convolution-free transformer-based generator
We explain how a transformer can generate high-guality images, overcoming the disadvantage that convolution operations are
difficult to capture giobal features in an image. Furthermore, we change the demadulation of StyleGAN2 and modify the existing
transformer structure (e.g., residual connection, layer normakization) to creste a strong style-based genarator with a convolution-
free structure, We also make Styleformer lighter by 2pplying Linformer, enabling Styleformer to generate higher resolulion images
and result in improvements in terms of speed and memory.
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Talking Face Generation with Multilingual TTS

a2 Hyoung-Kyu Song’, Sang Hoon Woo', Junhyeok Lee, Seungmin Yang, Hyunjae Cho, Dongho Chai,
Kang-wook Kim, and Youseong Lee

In this work, we propose a joint system combining a talking face generation system with a text-to-speech system that can generate

multilinguz talking face videas from only the text input. Dur system can synthesize natural multiingual speaches while maintaining

the vocal identity of the speaker, as wedl as lip movements synchronized to the synthesized speech.

We demonstrate the peneralization capabilities of our system by selecting four languages (Korean, English, Japanese, and Chinase)

each from a different language family.
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